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The revised sequence rule of P-94.2 of the IUPAC Rules for Nomenclature of

Organic Chemistry for an identification of the 3D maximal common substructures (MCSs) has been
proposed. For the approval of this rule, it is necessary to show usefulness in industrial
applications. Big data of properly selected MCSs may avoid the heavy loads of theoretical
calculations and may be available for the design of new functional molecules. For this purpose, the
codification techniques of conformations for a comparison of the MCSs were developed, and a deep
neural network-based program for the prediction of protein conformational variability (SSSCPreds)
was constructed. The predicted conformational variability of the mutation sites for SARS-CoV-2 spike
proteins correlated with the neutralization escape ability well. Further, the analysis of D614G
mutation demonstrated that the left-handed o -helix-type conformation of G614 contributes to the
increase in infectivity because glycine lacks chirality.
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