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Emotion detection from speech using high-accuracy emotional speech recognition
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Research on speech emotion recognition has made great progress by using deep
learning. However, the methods using non-verbal information contained in speech were the mainstream
in the past, and the study of the methods using linguistic information were insufficient. In this

project, in order to use linguistic information, emotion recognition was performed using the texts
obtained by speech recognition. In addition, the above recognition results were fused with the
results by non-verbal information to realize highly accurate emotion recognition. Finally, the
recognition rate of 82.75% was obtained by recognizing four emotion categories.
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