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We reformulated the Bayesian model of dynamical mode decomposition, which is
widely used mainly in the field of numerical fluid dynamics. We also developed a methodology for
characterizing the nonlinear dynamical system behind a multidimensional nonlinear time series by
assuming a nonlinear dynamical system. As a representative existing approach, a methodology called
Koopman mode decomposition (KMD) has been actively studied. Based on the idea of linking the
low-dimensional feature space extracted by Gaussian process latent modeling and the low-dimensional
nonlinear dynamical system extracted by Koopman mode decomposition, we naturally formulated the
existing deterministic KMD as a Bayesian framework.
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