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machine learning approarch
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Recent machine learning algorithms require a large number of training
samples. In this research, | try to combine the mathematical model that can approximate the
phenomena and the machine learning approach to solve some problems that are hard to observe the
phenomena or hard to reproduce the experimental results again. 1 picked up two problems; one was to
estimate the physiological activities from the protein expression levels, and the other was to
detect the intrusion into the computer systems. For the first one, | rewrote the Linux-based
programs into an integrated program. For the second one, | showed Gradient Boosted Decision Tree
algorithm was suitable and robust for the small number of training samples.
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