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Various devices of semiconductor products are required to be processed
within a specification processing time in the real-time based manufacturing system, and if they
cannot be processed within the specified time to them, they become defective products and affect
production efficiency. The purpose of this research is to develop a high-speed algorithm that
utilizes advanced evolutionary computation and machine learning, and apply it to various
optimization problems in production and logistics systems. We published the proposed algorithms and
experimental results with the effectiveness in the several international journals.

Application research to flexicible jobshop scheduling problem and sustainable closed-loop supply
chain model are NP-hard problems, and we developed advanced hybrid evolutionary algorithms for FJSP
in the production / distribution system, time scheduling of high-speed train, and VRP problems and
demonstrated the effectiveness with experiments in the several journals.
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