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The purpose of this study was to develop a method to improve the accuracy of
automatic analysis of ECG waveforms using deep learning. We developed a method (One-Shot Screening
method) using 2-D CNN by considering the waveform as a 2D image, and confirmed that the method

achieved sufficient analysis accuracy in judging normality and abnormality by using the
automatically assigned findings of existing ECG as the correct answers. We also developed a model
for left ventricular hypertrophy (LVH) detection using echocardiographic findings as the correct
answer, and achieved higher accuracy than conventional diagnostic criteria and other previous
research methods using deep learning.
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