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QoE-driven Heteroginous Wireless Systems with Crowdsensing and Learning
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This research project aims to develop heterogenous wireless network control
methodology that can provides stable QoE for 4K/8K video streaming and video analysis Al services.
Specifically, we propose novel video streaming and multipath communication methods that make a
decision by using communication quality bigdata.
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U : Measurement data (Input)

F,(U) : Interpolation feature extraction layer

| F,(U) : Smoothing operation layer |

F3(U) : Non-linear mapping layer
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