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Model selection for Bayesian sparse estimation in hierarchical models
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In this stud¥, the estimation method and algorithms for the hierarchical
Bayes model is discussed. In particular, we introduce message passing algorithms for the
hierarchical Bayes models. The results of this study show that hyperparameter estimation in the
hierarchical Bayesian model can be performed by considering a conditional probability distribution
called a message with respect to the hyperparameters, in addition to the message used in the
conventional message passing algorithm. The method was applied to an estimation problem known as
group testing and was shown to achieve estimation with high accuracy.
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