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This study aims to develop a framework that can train neural source
separation by using multichannel audio signals without any supervision. We utilized the spatial
information observed by a microphone array and trained the source separation based on the spatial
likelihood of the separated signals. We first developed a deep Bayesian method that trains a neural
source separation based on a complex Gaussian mixture model. This approach is then extended to an
audio-visual source localization method that can deal with the diffuse noise and the unknown number
of sound sources, which are problematic for recognizing the crowded real-world environments.
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