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In order to generate a genome sequence with specific traits, we tackled the
RNA sequence design problem of designing an RNA sequence that forms specific secondary structures.
By using deep reinforcement learning as a learning method for optimizing the search of sequence
space, more efficient generation of sequences for the target secondary structure is achieved. The
optimization method for converting discrete nucleotide sequences into a differentiable
representation using Activation Maximization was applied to the RNA sequence design problem. We

improved IPknot, a method for predicting RNA secondary structure including pseudoknot structures, to
achieve linear computational time with respect to sequence length.
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