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The movement of the intracellular vesicle, which carries important
information from the extracellular area, includes essential information for developing and
inspecting the mechanism of pharmaceutical delivery. However, because the movement of the vesicle
occurs on a nanometer scale which hinders accurate observation and analysis, the pattern of vesicle
movement has not yet been clearly understood. In this study, we aimed to elucidate the patterns of
intracellular motions of vesicles based on machine learning. Using a supervised learning algorithm,
we succeeded in the classification of vesicle transfer among a cytoskeletal network with the
physical properties extracted from the interaction between the vesicles and cytoskeletons.
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