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In this research project, we proposed In-band Network Telemetry (INT) based
on random sampling by introducing the concept of random sampling to In-band Network Telemetry, which
can monitor the inside of a network.
This method can monitor multiple network slices simultaneously and easily.
We also proposed a technology that combines network slicing and service chaining technologies.
Furthermore, we proposed an algorithm that determines the appropriate amount of resources for fault
recovery based on predictive information by using together the admission control using Deep
Q-learning and the method of increasing or decreasing the amount of resources for each network
slice.
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