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Development of highly versatile humidity environmental index estimation method
and evaluation of its spatio-temporal distribution.

Akatsuka, Shin
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A relative humidity estimation model was constructed by machine learning
method, using the amount of precipitable water, meteorological observation data and landuse ratio at
AMeDAS stations as input data. As a result, the hourly relative humidity was estimated with higher
accuracy than the accuracy of the relative humidity forecast value from the numerical prediction. A
method was also developed to produce a precipitable water distribution map with a spatial resolution

of 1 km and a temporal resolution of 1 hour using numerical prediction data with a spatial
resolution of 5 km and a temporal resolution of 3 hours. A method for estimating relative humidity
using a precipitable water distribution map was investigated, and it was shown that the 90 m
resolution relative humidity distribution for the whole of Shikoku could be estimated with the same
accuracy as the 5 km resolution numerical prediction data by using the accumulated water vapour from
the ground to the 900 hPa pressure level.
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1 4.02 3.68
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Reproducing High Spatiotemporal Resolution Precipitable Water Distributions Using Numerical
Prediction Data

2023

Atmosphere -
DOl
4 0 0

16 GIS
2023

16 GIS
2023

MSM
14 GIS

2021




LightGBM

17 GIS

2024




