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Development of machine learning models to support medical treatment in the field
of resuscitation and emergency medicine
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The purpose of this study is to develop a machine learning model that

supports clinical judgment and management in the flow of medical treatment in the field of emergency

resuscitation, improves clinical outcomes, and reduces the burden on clinicians. We developed a
machine learning model to predict cases of presumed cardiogenic cardiopulmonary arrest based on
information at the time of arrival at the hospital, and a machine learning model to predict the risk
of in-hospital mortality based on blood sampling data and patient background information at the
time of admission. This study demonstrated the applicability of machine learning technology to the
field of emergency resuscitation, and the risk stratification by machine learning is expected to
contribute to the improvement of the quality of medical care.
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