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1) Techniques to utilize the Neural ODE for keyword spotting tasks were
proposed, which can reduce the number of parameters in the network by 68%.
2) In the conventional circuits to perform keyword spotting tasks, analog speech signals were
digitized, and then digital signal processors extracted features from the digital signals. However,
there was a problem that the power consumption of the analog-to-digital conversion is significantly
large. Thus, circuit techniques to extract features in an analog signal domain and remove the
digital conversion were developed, which can reduce the power dissipation by 88%.
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* NFE: The number of function evaluations [Chen 2018]
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