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Machine learning from incomplete information table by rule generation and its
application
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Using the implemented NIS—Aﬁriori method (generating certain rules from an
incomplete information table NIS), we studied a method for missing value imputation in tabular data.
IT attribute A of instance x is missing, certain rules with attribute A as the decision attribute
are generated, and the missing value is filled in with the conclusion part of the strongest certain
rule that hits x. This framework is considered an unprecedented method, and we have created a new

execution environment. In cross-validation experiments, we did not obtain uniformly favorable
imputation. Still, when an attribute had a strong dependency on attribute A, we could impute the
true value with high accuracy. The Congressional Voting data in the UCI repository has strong
certainty rules, and our method imputed the true value with an accuracy of 93%.
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