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In situations where data is scarce, there have been widespread efforts to
construct Al models while generating training data. We propose a semi-supervised learning framework
based on self-training. First, known data is used for training to construct an Al model. Next,
pseudo-labels are predicted for unknown compound-protein interaction information, thereby increasing

the training data and improving the model parameters. As a result, the imbalance between positive
and negative samples in the training data gradually diminishes, and furthermore, the final
constructed model has been shown to surpass the original model constructed solely using the known
training dataset.
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