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Elimination of motion artifacts from DSA images using deep learning
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In this study, we developed a deep learning model to reduce misregistration
artifacts in DSA images. Validation using cerebral and abdominal angiograms showed that the images
generated by deep learning were quantitatively and qualitatively equivalent to or better than
conventional DSA images. This model allows for less artifactual vascular images even in cases with
body motion, which is expected to enable smoother examinations and treatments.
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