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Self-supervised learning of 3D human body shape and pose
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In this study, we investigated self-supervised learning for reducing the
effort of annotating 3D body shape and pose information to images, which has been a bottleneck in
the task of learning 3D human body shape and pose from images. First, we collected and prepared
image and 3D datasets for 3D human mesh recovery commonly used in the research field and built a
model for estimating 3D body shape and pose using a transformer. Then, we developed three methods to

reduce the use of 3D labels: 1) a method using an image feature extractor learned by a
self-supervised learning method called masked autoencoder (MAE), 2) a learning method using dense
correspondence information between 2D images and 3D models, and 3) a method using a 3D shape
generation model.
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