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Inference of time-varying genetic networks for cell differentiation
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In the cell differentiation or disease develop, since each of the cell state
is different due to the interaction involving many genes, it is crucial to infer the genetic
interaction for each cell type. In this study, we develop a method to infer the time-varying genetic
networks for cell differentiation with pseudotime analysis from single-cell RNA-seq data. We
applied this method to the Hematopoietic stem cell scRNA-seq data and performed the computational
experiments. The results indicate that this method can infer differentiation time points of several

cell types and as for the datasets which consist of a large number of cells, the run time can be
improved through parallel computing for all computation.
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