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The focus of this research is to obtain more interesting mining results for the medical
experts, so that not only the data mining from the target clinical data itself but
also the combining the background knowledge extraction from medical litarature and
experts’ interpretations have been pursued in finding the relationships among blood
tests and the treatment effects. Additionally, in accordance with the high attention
to sequence analysis in biomedicine, semi—supervised learning methods specially for
the virus subgenotypes and the interferon/ribavirin treatments were developed to show
the potentials of computational approaches.
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