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omni-directional image generation from snapshot image
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In this study, we focused on the challenge of generating omni-directional
images from regular snapshot photos. Omni-directional images capture the entire surroundings
simultaneously, making them useful for creating contents in virtual reality (VR) and augmented
reality (AR). Since capturing omni-directional images typically requires a specialized camera, which

can be a barrier to widespread adoption, our research aims to establish methods for generating
omni-directional images from ordinary photographs. We propose techniques to enhance the diversity of
generated omni-directional images, image representations suitable for omni-directional image
generation, and an efficient and accurate generation method using the pre-trained VQGAN codebook.
These methods improve the diversity, details, and efficiency of the generated images.
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https://scrapbox.io/islab-sophia/Resarch

https://github.com/islab-sophia




