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This study developed a method to estimate the state of confusion during
assembly work to provide support tailored to workers® skill levels. A subtle support method using
gaze guidance by an agent was also investigated.

A supervised machine learning model was constructed based on the positional relationship between
gaze and hand and electrodermal activity to estimate confusion. The best Fl-score of 0.735 in
3-class classification (presence/absence of confusion and type) confirmed the effectiveness of
Biggggram information of hand and gaze positions. The 5-class classification yielded an Fl-score of
For gaze guidance by agents, the effectiveness of the agent compared to conditions without an agent
(only video-based instruction) was confirmed, considering the presence of physicality, i.e., robot
and CG agent, and its impact on guidance and impressions. It was also found that there was little
difference in impressions between the two types of agents.
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