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Learning statistical models using neural networks and application to acoustic
signal processing
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The goal of this study is to establish a method for learning statistical
models for signal separation and noise reduction. For this purpose, we proposed a neural
network-based probability density function and optimization algorithm and its learning method, based

on the viewpoint of whether the probability density function for complex spectrograms can be
automatically learned. In particular, we focused on statistical models for non-negative matrix
factorization and its extensions and proposed neural network learning methods for signal separation
and noise reduction tasks.
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(b) Update sub-block for the MUA (A) based on the Bregman divergence
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