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Web-based screening of neurological diseases using pose estimator
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We aimed to detect neurodegenerative diseases including Alzheimer®s disease
(AD) or Parkinson®s disease (PD) by web-based applications available in smartphones, by attempting
to develope two different methods: one is applying pose-estimating to 2D video movies recording
gait, and another is deep learning-based prediction of cognitive decline from Clock-Drawing Test
pictures. We started to take data of gait movies from preclinical AD participants. We also built
deep learning prediction models to identify those with probable dementia or with executive

dysfunction.
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