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In this study, three dimensional medical image diagnosis system using artificial intelligence was developed. The
artificial intelligence developed in this study, are the revised GMDH-type neural network algorithms and these
algorithms can automatically organize the optimum artificial neural network architectures fitting the complexity of
the medical images using X-ray CT images. In the conventional GMDH-type neural network algorithms,
multi-colinearity occurred and prediction values become unstable. In the revised GMDH-type neural network
algorithms developed in this study, the principal component-regression analysis is used and multi-colinearity does
not occur and accurate prediction values are obtained. The revised GMDH-type neural networks ware applied to
medical image diagnosis of the lung cancer and the results were compared with the conventional sigmoid function
neural network trained using the back propagation method and it was shown that these algorithms were useful for
medical image diagnosis of the lung cancer.
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Fig.1 Architecture of the revised GMDH-type neural
network
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