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Application of advanced language features to skeletal
parallel programming for its practical use
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We have studied in both theory and practice and obtained the following results. In
theory, we developed a new model for parallel computing on tree structures and
formalized the MapReduce programming model in terms of functional programming.
In practice, we improved our parallel skeleton library so that users can utilize two new
features of the new C++ standard, and made a study for the template
meta-programming techniques.
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