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This research proposed a conversation context based gesture recognition approach.

In this research, we extract features of co-occurring nonverbal patterns with gestures, i.e.,
speech act, head gesture, and head direction of each participant, by using pattern recognition
technigues. In the experiments, we collect eight group narrative interaction datasets to evaluate
the classification performance. The experimental results show that gesture phase features and
nonverbal features of other participants improves the performance to discriminate
communicative gestures that are used in narrative speeches and other gestures from 20 %
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