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We conducted researches on the design and statistical analysis of clinical
trials for developing advanced medical technologies, including those of regeneration medicine and
personalized medicine. Specifically, we developed novel statistical methods for 1) the analysis of
prognostic and predictive markers using omics data, 2) the design and analysis of earlier
exploratory clinical trials gexploration of dose-response relationship and patient subgroups), and
3) the design and analysis of confirmative clinical trials (test and unbiased estimation of
treatment effects). In particular, research outcomes related to the clinical development of
personalized medicine were published as a monograph, which is one of the first attempts to provide a

systematic coverage of all stages of clinical trials for the development of personalized medicine.
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