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Cross-modal Retrieval

In this research, a new communication mechanism between people who require some
information and people who can provide the information. We have focused on how to utilize image media
which can be easily acquired by smartphones, We suppose transformation of modality can be applied to
achieve an efficient and effective information transfer. Especially, image annotation techniques can be
used as modality transformation mechanism, and we have researched mainly to develop new algorithms
related to image annotation, We have constructed correlated topic model to improve image annotation
performance, image annotation model from incomplete training data set, cross-modal retrieval framework
realizing mutual retrieval of multi-modal data, and summarization of users” captured images based on a
model of human®s image capturing process. These research results have presented in several top-level
international conferences and journals.
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