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Identification and Prediction of Complex Network Evolution
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We propose a new framework to analyze characteristics of temporal networks and to
predict how the temporal networks evolve. Using the theory and techniques of nonlinear time series
analysis, we first show that the proposed method in the framework can effectively transform complex
networks to time series. The results show that we can analyze the temporal evolution of complex networks
by the time series analysis theory. In addition, we also analyze real temporal network data (sendin? and
receiving records of electronic mails in a private company) and model its statistical behavior. Analyzing
the real data of the temporal networks, we discovered that the records have several interesting temporal
features. Then, we propose m The results show that our model can reproduce several characteristics of the

real network data.
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