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This study proposed a method for lexical semantic extraction which is effective
for topic tracking and text categorization that training data may derive from a difference time period
from the test data. We present a method that minimizes the impact of temporal effects by using term
smoothing and transfer learning techniques. The results showed that integrating term smoothing and
transfer learning improves overall performance of topic tracking and text categorization, especially it
is effective when the creation time period of the test data differs greatly from the training data.
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