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Social Media User Search/Recommendation Using External Knowledge Bases
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Finding users on social media such as Twitter and Facebook who usually post
valuable messages related to a topic of interest will help us get information on the topic efficiently.
However, it is not easy for us to find such users by general text mining methods, which is based on only
the message text, since each message text is short.

In this research, we developed methods for findin?/recommending topic-related Twitter users by using news
articles and ontologies (e.g. DBpedia) as external knowledge bases. News articles are used for detecting
news-topic-related hashtag communities and finding two types of influential users: content-based
influential users and authority-based influential users. Ontologies are used for checking topic
consistency of each user®s messages and finding users who usually post messages on the same topic. In
addition, we applied the methods to a method for finding topic-related messages and a method for finding
hierarchical user clusters.
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