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We first presented a method for identifying which blogger is the same person as a
user on Twitter, using the set of documents s/he has written. Then, based on the method that we
developed, we presented a method for preventing from being identified, by indicating which clues in the
documents should be hided. Furthermore, to develop a method for identifying writers® personality from
their documents, we first constructed a dataset that consists of a pair of users with their personality
information and a set of their tweets and blogs. We then investigated whether it is possible to identify
users® personality
from a collection of their documents, and presented a method for constructing a classifier of users”
personality from a collection of their documents.
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