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Metabolic design of higher plants for useful material production by metabolic
engineering
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Aiming at designing metabolism of higher plants for metabolic engineering and
generating crops with enhanced useful material production, | established a method for genome-scale
mathematical modeling of metabolism in Arabidopsis thaliana. Differential equations in a model were
symbolically established based only on a metabolic map. Then parameters in the model were estimated by
using time-series metabolome data which were obtained from metabolically perturbed A. thaliana. The
established model were successfully used for system analyses.
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