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We proposed a forearm prosthesis control architecture based on bio-mimetic
learning called Tacit Learning. The users who use the conventional forearm prostheses have often to
trouble to control the posture of hands because the conventional forearm prostheses have rarely wrist
joints. We developed the forearm prosthesis with wrist rotation joints. Motions of the wrist rotation
were automatically tuned according to the motions of their own shoulder and the elbow joints by tacit
learning. We showed through the clinical tests with the forearm prosthesis users’ that the proposed
system can reduce the motion energy when they griped the several type of door handles.
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