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Scalable and easy-to-use sketch-based 3D model retrieval
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Aiming for a convenient and scalable sketch-based 3 D model retrieval
system, we worked on the following three sub-goals; (1) A sketch-based 3D shape retrieval algorithm
having an interactive sketch drawing assistance feature driven by sketch based image retrieval
technology, (2) A part-based 3D shape retrieval algorithm that employs randomized volume subdivision

by using numerous subvolumes having random position, orientation and size, (3) A fast 3D _shape
comparison algorithm by using binarized feature vector that are generated directly or indirectly
from 3D shapes and compared in Hamming space.
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