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Development of Video Processing Techniques to Support Coaching in Ball Sports
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The purpose of this research was to develop an application for the automatic
scene classification and the visualization of human and ball trajectories for coaching support. I
examined the possibility of scene classification by manually cutting out and annotating images of
actual rugby matches and applying a deep learning method to these images. As a result, the
application is not yet complete because 1 have not been able to find a highly classifiable method.
Therefore, 1 would like to continue my research and make it available as an application.
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