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Assist control using EMG based optimal control approach for exoskeleton robot

Teramae, Tatsuya
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o Since, in _human robot system, conventional assist control approach can not
adapt to human activity change during task, we propose control method using EMG based optimal

control approach to achieve controller that has robustness for change of human activity.

To verify control performance of proposed method, we set trajectory tracking task and 3 different
conditions : Robot dominant, human dominant, human robot cooperation. In results, proposed method
could stably achieve the task in 3 conditions , and tracking performance of proposed method was
improved compared with conventional method. Moreover, proposed method could adapt to human activity
when seamlessly changes during trial.
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