2014 2015

DatahMining Methods for Discovering Statistically Significant Substructures of
Graphs

SUGIYAMA, Mahito

1,900,000

We have developed significant subgraph mining methods, which find substructures
of graphs that are statistically significantly enriched in a class of transactions. In drug discovery,
for example, the methods enable us to find substructures of chemical compounds which are significantly
associated with a particular activity such as an anticancer activity. Our methods control the false
positive rate, the probability of erroneous discoveries that actually do not have a particular effect,
which is essential to provide reliable results in a number of application domains from drug discovery to
social network analysis.
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